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. Spatio-temporal

. Mazimpaka & Timpf

. Location-aware

. Spatial trajectory data

. spatio-temporal trajectory

. Vespe, Visentini, Bryan, & Braca

. Automatic Identification System (AIS)
. synthetic aperture radar

. high frequency surface wave radars
10. infra-red sensors

11 Kazemi, Abghari, Lavesson, Johnson, & Ryman
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1 Automatic Identification Systems (AIS)

. International Maritime Organization (IMO)
. Inter-Governmental Maritime Consultative Organization
. Ball & Satellite

. Broadcast

. Static

. Maritime Mobile Service Identity (MMSI)
. vessel call sign

. Longitude

10. Latitude

11. Course Over Ground

12. Speed Over Ground

13. heading

14. Rate of Turn
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1. Coordinated Universal Time

2. Traffic Separation Schemes

3. http://www.imo.org/OurWork/Safety/Navigation/Pages/ShipsRouteing.aspx
4. Density-based spatial clustering of applications with noise

5 Daszykowski et al

6. Eps

7. MinPts

8. Rousseeuw
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. Direction Based Stops and Moves of Trajectories
. Rocha, Times, Oliveira, Alvares, & Bogorny

. Clustering-Based Stops and Moves of Trajectories
. Palma, Bogorny, Kuijpers, & Alvares

. Point-based

. Liu, Matwin, & Sydow

. Mehrotra, Mohan, & Huang

. Statistical
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. Laxhammar

. De Vries & Van Someren

. predictive

. Pallotta, Vespe, & Bryan

. Lane, Nevell, Hayward, & Beaney
. Chandola, Banerjee, & Kumar
. Roy et al

. Pattern

. Spaccapietra

10. stops and moves

11. Spaccapietra et al

12. Trajectory
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N, (p) ={@ D]|dist(p,q)<e and|p.SOG -q.SOG| < MaxSpd
and p.COG -q.COG|<MaxDir}

1. Normal Moving

2. Automatic Identification Systems (AIS)

3. Density-Based Spatial Clustering of Applications with Noise considering Speed and
Direction

4. maximum speed variance (MaxSpd)

5. maximum direction variance (MaxDir)

6. COG (Course Over Ground)

7. SOG (Speed Over Ground)

8. Eps-neighborhood

9. Eps—neighborhood
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. Haversine formula

. Van Brummelen

. Veness

Eps

. MinPts

. MaxDir

. MaxSpd

. Reachable distance

. Minimum number of points
10. Maximum direction variance
11. Maximum speed variance
12. CorePoint

13. Liu et al

14. Rahmah & Sitanggang

15. Elbatta & Ashour
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. Kassambara

. Knn-dist-plot

. Satopaa, Albrecht, Irwin, & Raghavan
. Kneedle point

Eps

. Labeling

. Gravity Vecto.r (GV)

. Centroid And Envelope

. Morris & Trivedi
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COG

SOG

. average SOG

. average COG

. average Latitude

. average Longitude
. Median Distance
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